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Vibe Coding

« Definitions
. %JJSE.J IO ot x| A3H0| O8HEHS 74X| 11 Al code generation toolOfl Xt 0| promptZ goalg M&dt0 L=
A (1)
A
« XAOE El promptE YHGHH AIZL AFES2E codeS M H5HA, O] AFEO| manual testingst= A (2)
Al coding agent”} functional requirements, vibe descriptors, context/constraintsE -85t programmingdt= A (3)

« MEE= EFE: ChatGPT (4), Replit Al (5), Cursor (6), Claude Code (7), Gemini CLI (8), Codex
CLI (9), Windsurf (10) &

« 7|% (prompt engineering) (2)
« LLMO|A siZ3slor & =X E 2T
FAS S ASHOF 5tH, O{E A AEXIet 4223, B&, 12, data flow £HRIZ AIE OISHA|7{OF 2
« AT frameworkE M7H3t1, version2 controlStH, AIE AFHESH0] debugging
« ContextE S5 M350 22 dS X%}
+ Manual code review, testing, IDE compiler &2 SllAl errorE = Q15t1 Al agentd| error context® &7Al Y HHH
agent’} error fixing2 =&

« 7|& AEE (youtube &4
- S48 HAEZ BBStE 19 Cursors AFE3HY vibe coding X1 (11)
« Cursor®} browser developer tool2 &850 vibe codingdt error message 22, API call &¢l 2, terminal2 &5
server Z process2t error message monitoring (12)
» Excalidraw® 283l A2l & conceptualization, flow diagram ¥4, Code GuideS &3l project A &1t 2 A3} ISl
(prompt pre-processing= &3l hallucination & X|), CursorE 283510 code 4, project setupdt 71 MH 2HZ <
ofl terminal AHE, web browserE &9l testing, verification, A & (13)



Code Review

« AutoCommenter: best practice violation2 XI&2 2 ZX|St= code analysis = (14)
« T5XE AESHO] Text-to-text transformation, model training =3
* Input: task prompt, source code / Target: source code location & URL for best practice violation
* IDE plugind} code review system 2FE &3 AutoCommenter@t #2288 = UZ

AlCodeReview: IntelliJO| A AFE 7hs2H GPT-3.5 7|8t2| X}& code review plugin (15)
« M code issueE AMEHE = UAZ
« LCtYBE A0 (Java, Kotlin, C++, Python)01| ZAH code review ts
- 74 project needsE THEA|Z|7| I3l code review solution suggestion= fine-tuning® &= AS
o FHAQ Y B code revisions FH

(16): SW 7H IPH O M CHES LLM agentE A28 code reviewE & = U= system
+ Code smell, potential bug, coding standard25-E2| 0|2 ZX| X code 72 ??t actional suggestlon NSy
+ GPT-4 model& F& AtE, code review?} bug detection, code smell detection, code optimization =% 75

* (17): Agile development0]| Al-driven automated code review &-&
« Agile workflowOf| AF2E|& CI/CD pipelinedf Al agentE E&ste AUS XAl



Unit Test Generation

(18): TestPilot= &l JavaScript unit test At 44
« 25709 npm packages L{O| U=

o O
AN -

API functionOf| CH3}O unit test A4 X test
TestGen-LLM: Android code®| CHSHO] unit test At
« 7|Z Kotlin test class

=
& &8 (19
£ =E510] corner case cover A test coverage &0 HE
+ Test equivalenceE A2 2 It = Y202 coverageE proxy= &&
* AugGPT: Z2 123 MK S
M-S (20)

. X‘” MO

23t unit test A d0|| & FX A2l prompt2t test qualityE feedback
Y2 contextE S0, syntactic correctness2t semantic depth@t 24 promptZ XS
Statement coverage score?t mutation scoreE feedback2 £ XS
Hf2tX] &= tests dejll=

1 A5 HESEUE

rejection stratengP 7|HX[E TZSt= unit test?t I EAS [ feedback loopS E =5t
= £ exit strategy 278
« 21): 4572 LLIMZ &850 prompting ‘&5 Hl
« HumankEval dataset2 unit test code generation2| sourceE Z-& (LLM evaluation0| At&), 164712| problems
« Prompt templateg & 3/ E LI+ docstring M& R E 2250l & M FF2| prompt format 27
(22): 553 79| LLM2 &850 prompting 85 ¥ 22 7t 45 Hw
+ Codellama®t DeepSeLt-Coder 7|8t2| LLM 5
« Prompt 4

ET
Ao ZQ-d1t CoT, RAGZH E20| E2 B¢
(23): 35 ®/2l LLM= &850 22 7F d5 H[L
Codex, GPT-3.5-Turbo, StarCoder Z-&3}0] JUnit5 test 44

« HumanEval dataset2} 477§2| open-source project (SF110) &-&
« Test coverage, test correctness, test smell, compilation rate H]



« (26): AtS code correction= 3l LSTM networkE A

Unit Code Debugging

« (24): 0j2]{ A E I3t error detection, optimized code suggestion =
« Web 7|8t QIE{T| O] 2/IDEO] code snippetZ &St Z2 021U A E MEHSIH code parsing T/

Al modelO| parsed codeE E415}0] syntax, runtime, logical errorE ZX|
« Error§ 2%t 0| & =85t7| flot X2t E codeE FH

—

» ChatDBG: LLMO| debuggerg M O{g &= U= debugging assistant (25)

* Python, C, C++, Rust & 20|t F&SH AL 7
« AFEXO| OJ3t initial promptE LR Z tH 0|

SEF A 0OlO©
g2 = A=

= &=t &H debugging
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=
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= Seq2Seq model K| 2t

= preprocessing pipeline
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+ Runtime stack traceE Z 2 Z StH O|Z Sl root causeE =2l

Of

oz oot 0
Of

« Tokenization, vocabulary normalization, sequence padding= &=
« Erroneous codel| 2%t patterns B 11 M2t correctionS
+ Code sequence’l 71 8% #&E sectiont| SIS 57| #I5H attention mechanism AtE

—

-

« CodeBlizz: Al-empowered add-on for IDEs (27)

+ Real-time debugging, context-sensitive code suggestion, integrated educational resource X|&

JE_'LLH 740

© AHA

 CodeBERT, GPT-32t Z2 transformer 7|8t2| model2 AMHESHX code structureE 0|85t & snippet2 &4

« T5 model& S5l A real-time error detectiont debugging assistant =24
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