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Al for RFID & Modeling based Indoor
Recognition

Observation
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Demonstration
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RFID (Radio Frequency |dentification)
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3DLRA: An RFID 3D Indoor Localization Method Based on Deep
Learning

3DLRA: H2{'d 7|8t RFID 3D AU =2 &

=
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3DLRA: An RFID 3D Indoor Localization Method Based on Deep
Learning
3DLRA: E2{'d 7|t RFID 3D AL{ S¢| &'
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3DLRA: An RFID 3D Indoor Localization Method Based on Deep
Learning
3DLRA: E2{'d 7|t RFID 3D AL{ S¢| &'

Conclusion
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A Model-Based Approach for RFID Application Testing
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A Model-Based Approach for RFID Application Testing
RFID OHZ2|#|0|8 E|AEE ot 22 7|8F ¥ T4
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A Model-Based Approach for RFID Application Testing
RFID OHZ2|#|0|8 E|AEE ot 22 7|8F ¥ T4

Conclusion
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Deep Convolutional Neural Network for Passive RFID Tag Localization Via
Joint RSSI and PDOA Fingerprint Features
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Abstract
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Deep Convolutional Neural Network for Passive RFID Tag Localization Via

Joint RSSI and PDOA Fingerprint Features
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Deep Convolutional Neural Network for Passive RFID Tag Localization Via
Joint RSSI and PDOA Fingerprint Features
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Deep Learning for RFID-Based Activity Recognition
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Deep Learning for RFID-Based Activity Recognition
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Deep Learning for RFID-Based Activity Recognition

RFID 7|5t 25 Q1412 9{5H ) 2

Conclusion
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PN ® Our deep learning Modeling and online
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The end
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